Flexible updating of hippocampal representations
guides multi-step prediction
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Introduction

Internal models are useful for making predictions about
future events!. Updating memories when we learn new 1.0
information enables flexible behaviour'=.
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Experimental Design

Day 1 ﬂ
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In hippocampus, pattern similarity across maps was greater for
the integration vs no integration condition. This difference was
driven by an increase in across map pattern similarity for early
runs, suggesting rapid updating of the entire map structure.
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Hippocampal Representations Predict Behavior

In the hippocampus, rapid
updating of across-map
activity patterns was
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After learning new information, memory for temporally extended
References sequences are rapidly updated, and then continue to improve with
time and experience. Such rapid updating is reflected in
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